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DAE R ) ERERIRHMRSREN @R E, ¥ MR EI4TAE.

e Al —

%%%%%7 e /mu

Attention(Q), K, V') = softmax(

W (eq.4)

BB SR T EENER, HMBsoftmax)3—H, EBDTFIREMFEFRERNNENTNI,
ERNERNERME—NERENINENRED |, HNEREENEMENNESRV HITIAN,
LEERHENMEEDEERE—1T@FR ARAR 25V 1051,

BV NS—TARES T FRENEFRIE,

B LEIRFERAEENNERTXERZRENMNEMAS,

MMEETFREBEH HRIU0FAMEFRASNER. " CHINA
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1) EEE
Bi1E L —HERTSiEEhBIEmR BV, ki Attention(Q, K, V), BITIEEHT—TEE. @20 X onpedding FEE—3, hFE
[batch size, sequence length, embedding dimension|, FERMITIGEEEEESEE S ToEEN BAittifEE—3
Xembedding + Attention(Q, K, V)
EZERIEEE, S8 —MEFRNEE. SIZ B EEZAHEFIEE = ErYERM, AMiSREEER G EHEn LAEREEEEEERRIIETEE
X + SubLayer(X)
2). Layer Norm:
Layer Normalization B EFREEHESREFIESE R —atnEEES . BFE1. 1. diEZES 7, LEInRIEEE, miERsnER:
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i = — €L
L
R ERLERET (row) S AT RIS
1 m
o = — > (25— )’
i
SRR (row) o BT R =

Tij — M4

LayerNorm(z) = a @ +8

1.‘/0_'? + €
AERS—ITHIS— M EAEROTIEE. BELZTIENEE. VSRR —LERTEHE. e 25 TR,
ZEIIAFET NG ES I, fFERMNI—ENEEFRAENER, EEOET LSRR mmin, I1—Eiatazsl moa=0.
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NLPHFRIFFEZES (Transfer Learning)
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« — (BEXHY) THRE51EE
o PRFPIREIR/N:
— EhR: #blocks = 12, fag&k/\= 768, #heads =12, #%&

& =110M

Hmites (IREMEDER)
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.
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Position
Embeddings

Segment
Embeddings

Token
Embeddings

'd

AR —XIE S
HBRDERA

Eo = = Es Es Es Es = Es =
+ + + + + + + + + +
Ea En Ea Ea En Ep Eg Es Eg Es
+ + + + + + + + + +
Ecbos} Ethls Emmfie Els Egreat Ecsep} Ei Eit El|ke E‘SED}
<bos> this movie is great  <sep> i like it <sep>
RENMIN UNIVERSITY OF CHINA



TlIZRESS 1. ERhESREL

. [EEMIFRREIES (FIR0 15%) RS, Tl

IXLEEIEIRC ( <mask>)
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MEEE2IRFEXT ( sequential pair)
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t t
Bert Bert
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